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What is Al Dividend?

» Surplus economic value generated when Al augments—
or automates—high-leverage tasks

e Two vectors: productivity upside & innovation upside

¢ Think of it as the “return on Al"” after talent, data and
compute investment




State of
Adoption

e 55 % of large firms now run at least one gen-Al solution in
production (T 20 ppt YoY)

» Only 24 % are seeing material bottom-line impact—
governance & change lag.

e C-suite oversight, data-quality investment and workflow
redesign correlate strongest with value capture
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o
Technology Cost Curve
* Inference costs for GPT-3.5-class models fell >280x i
(Nov ‘22 = Oct '24)
« Hardware efficiency improving 40 % per year
« Rise of small language models (SLMs) delivers 90 % of e o R R R
performance at a fraction of size—viable on-prem & o - | s
edge

https:/fa16z.com/limflation-llm-inference-cost/

https:/fmww.mckinsey.com/capabilities/quantumblack/our-insights/the-state-of-ai



lInNnovation
Playbook

e Data-first foundations - unify, govern, label
» Grounding LLMs - efficient, domain-safe answers

» Agentic workflows - chain of tools, not single-shot chat

e Responsible-by-design - bias, privacy, IP guardrails

e Change management - upskill workforce & incentives



Case Study -
Khanmigo
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e Al tutor & teacher copilot embedded in the core Khan
Academy platform

e 221 K learners used Khanmigo during the 2023-24 G e e e e
school year. fer e andscience
Tiibiie i S hinraritiee H | comipletely misuriderstond your guesticn, click Thumbs Ciown (o ket me know

e Students who engaged =30 min / week achieved ~20 %
higher-than-expected MAP-Growth gains (grades 3-8). , O dere s |

» Tackles teacher workload: educators spend >50 % of
their week prepping lessons—Khanmigo auto-
generates plans, quizzes, exit tickets.

annualreport.khanacademy.org
blog.khanacademy.org



Measuring the Dividend

KPIl Lens

Profitability

Speed + Cost

CQuality Yield

Sustainability

Customer Advocacy

Proof-point metric

= 5 % EBIT uplift from
gen-Al use cases

87 % lower asset-
creation cost & 2=
faster content cycle

> 1-pt defect-rate
reduction in
production

Upto 70 % radic-

energy cut during off-

peak hours

+10 NPS points via
adaptive Al feedback
loops

What "good” looks like

17 % of companies already hit this bar in FY 2024

Unilever's Al “digital-twin” studio for Dove & Vaseline shoots (unilever.com)

556 % of U.S. manufacturers now run Al vision for defect detection; millions
saved per 0.5-pt gain

Vodafone UK's Al “5G Deep Sleep” trial (=33 % daily saving) (ericsson.com)

Fiserv's conversational-Al surveys boosted retention & revenue
(businessinsider.com)

https://www.manufacturersalliance.org/sites/default/files/2024-06/A1-C524-Report-F_0.pdf
https://www.businessinsider.com/fiserv-ai-powered-surveys-help-customer-feedback-insights-inefficiencies-2025-4
https://www.unilever.com/news/press-and-media/press-releases/2025/unilever-reinvents-product-shoots-with-digital-twins-and-ai/




Navigating the
Al Landscape

Balancing innovation with responsibility

BH\ and ethics in Al adoption

e EU Al Act: tiered risk, fines up to 7 % global revenue

» GP-Al transparency rules begin June 2025; high-risk
systems follow in 2026

e U.S. SEC & CFPB guidance converging on similar
disclosure norms




Model Cards

What are Model Cards?

Model cards are files that accompany the models and provide handy information. Under the hood, model cards are simple
Markdown files with additional metadata. Model cards are essential for discoverability, reproducibility, and shanng! You

can find a model card as the README .md file in any model repo.
The model card should describe:

the model

its intended uses & potential limitations, including biases and ethical considerations as detailed in Mitchell, 2018

the training params and experimental info (you can embed or link to an experiment tracking platform for reference)
which datasets were used to train your model

the model's evaluation results

The model card template is available here.

How to fill out each section of the model card is described in the Annotated Model Card.

Model Cards on the Hub have two key parts, with overlapping information:

Metadata

Text descriptions

https://huggingface.co/docs/hubl/en/model-cards



Roadmap to
Capture Dividend

e Run a value-backlog sprint - rank use-cases by ROI &
feasibility

e Stand up a cross-functional Al Studio - data, model, UX,
and risk in one pod

* Embed continuous learning loops - telemetry, A/B
testing, human-in-the-loop

e Evangelize with quick wins - showcase early savings to
fund bigger bets



Privacy - Models Can't Unlear
(yet)

“Welcome to the Hotel California”

Woul &
"Relax, " said the night man, "We are programmed to receive
You can check out any time you like, but you can never leave" how i you know that {am with DataCh



I I u I I I a I I I I l I I l e LOO p s  Causes of False Missile Alerts: The Sun, the Moon and a 46-Cent Chip

Sept. 26, 1983: Similar problems on the other side

Stanislav Petrov, a 44-year-old lieutenant colonel in the Soviet Air
Defense Forces, was the duty officer at a secret command center
outside Moscow when the alarms went off.

Computers warned that five missiles had been launched from an
American base,

“For 15 seconds, we were in a state of shock,” he later recalled in an
interview with The Washington Post.

Colonel Petrov, according to his obituary in The Times, was a
T r' u St b ut Ve rify I pivotal cog in the decision-making chain. His superiors at the
I o warning-system headquarters reported to the general staff of the
military, which would consult with the Soviet leader, Yuri V.
Andropov, on whether to launch a retaliatory attack.

Electronic maps and screens were flashing as he tried to absorb
streams of information. His training and intuition told him a first
strike by the United States would come in an overwhelming
onslaught, not “only five missiles,” he told The Post.

After five nerve-racking minutes, he decided the reports were
probably a false alarm.

And they were,

The satellite had mistaken the sun's reflection off the tops of clouds
for a missile launch.

https://www.nytimes.com/2018/01/13/us/false-alarm-missile-alerts.html



Roadmap to
Capture Dividend

e Run a value-backlog sprint - rank use-cases by ROI &
feasibility

e Stand up a cross-functional Al Studio - data, model, UX,
and risk in one pod

* Embed continuous learning loops - telemetry, A/B
testing, human-in-the-loop

e Evangelize with quick wins - showcase early savings to
fund bigger bets



Takeaways

Take-away

1. The Al dividend is tangible but
unevenly distributed.

2 Data readiness isthe #1
accelerator.

3. Don't take a one-size-fits-all
approach.

4, Responsible Al is now a baseline
licence to operate.

5. People unlock the last mile of
value.

Call to Action

Run a 90-day "value scan” across business units to size your specific upside
and flag quick-win gaps.

Prioritise data housekeeping (quality, lineage, access controls) ahead of
model tinkering. Without it, ROI stalls.

Pilot a LLM/SLM+ RAG stack on one high-leverage workflow—edge or on-
prem if latency or privacy demand it. Fine-tuning is not necessary in most
cases

Embed risk governance early: model cards, bias tests, override buttons, EU-
tier mapping—then you can scale with confidence.

Launch an "Al fluency” upskilling sprint for every function; pair it with an
internal showcase of lighthouse wins to fuel momentum.




Please could you go to
the shop and get a

carton of milk, if they
have avacados get six §
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